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Motivation

I On average, intimate partner violence affects nearly one in
three women worldwide within their lifetime.

I But the distribution of partner violence is highly uneven, with
a prevalence of less than 4% in the past 12 months in many
high-income countries compared with at least 40% in some
low-income settings.

I Domestic violence entails large costs in terms of women’s
health, productivity, shame, and fear.

I It also entails substantial externalities.
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Cross-national and multilevel correlates of partner violence:
an analysis of data from population-based surveys

I Heise and Kotsadam. (The Lancet Global Health, 2015).



Motivation

I Although violence affects many women’s lives, it does so
unevenly.

I What accounts for these differences in levels of violence and
can the geographical distribution of violence yield insights
useful for violence prevention?

I In particular, little is known about the macro-level factors
associated the geographical distribution of partner violence.



What we do

I We compiled data for the 12 month prevalence of partner
violence from 66 surveys (44 countries), representing 481 205
women between 2000, and 2013.

I Data is from middle and low income countries (DHS and
WHO) and rich countries (WHO).





Macro level income and abuse

I Women in richer countries experience less abuse.
I The strong negative association between abuse and GDP is,

however, non-existent in the presence of norm-related
measures.

I This suggests that GDP may be a marker for other social
transformations that accompany economic growth.



Gender-related norms

I Scholars have long contended that the main drivers of partner
violence are gender-related norms and hierarchies that shape
relationships between men and women and structure women’s
access to resources.

I Efforts from US researchers to test the hypothesis at a state
level have yielded equivocal results, leading many academics to
argue that gender norms at the macro level plays a minor part
in the cause of abuse.

I These studies, however, lack essential macro variation.



Findings

I Among all macro-level factors we investigate, especially
predictive of the geographical distribution of partner violence
are:

I norms related to male authority over female behavior,
I norms justifying wife beating,
I and the extent to which law and practice disadvantage women

compared with men in access to land, property, and other
productive resources.



Lessons

I Although it is important to highlight differences across
countries...

I ...it is a bit dissatisfying to regress one aspect of gender
inequality (abuse) on other aspects of gender inequality
(norms).

I The immediate policy-relevance is limited as:
I We do not know how to change norms in the general

population
I It is obvious that laws are at least partly endogenous.



Resources and intimate partner violence in Sub-Saharan
Africa

I Cools and Kotsadam. (World Development, 2017).



Introduction

I The countries of Sub-Saharan Africa stand out with the
highest levels of violence against women in the world (WHO,
2005; Devries et al., 2013).

I There is nevertheless a lot of variation across the region and
over time, suggesting that intimate partner violence also
depends on factors at the contextual level.

I We explore this variation in order to shed light on a wide range
of hypotheses regarding the relationship between resources and
abuse.



Data

I We use exceptionally ample micro data from the Demographic
and Health Surveys (DHS).

I We combine DHS data over 580 000 women and almost 200
000 men from 30 different countries in Sub-Saharan Africa.

I We focus on acceptance and incidence of abuse in relation to
resources in terms of wealth, employment, and education.



Measure of acceptance

I The data includes a series of questions related to when a
woman feels that wife-beating is justified if;

I she goes out without telling him; she neglects the children; she
argues with him, she refuses to have sex with him; or she burns
the food.

I 52 percent of the women in our sample deems abuse to be
justified in at least one of these situations.





Abuse measures (1)

A special domestic violence module is used with:
I Specifically trained staff.

I Strict protocol to ensure privacy.
I 12 different questions ranging from pushing, shaking and

slapping to attacking with gun, knife or other weapon.



Abuse measures (2)

We create different variables from these questions:
1. Ever Abused = 1 if the woman has ever experienced any type

of abuse: 32%.
2. Abused last year = 1 If the respondent has been abused last

year: 26%.



Self reported abuse

I Reported abuse is a function of abuse and reporting, and we
cannot separately identify the two.

I We believe under reporting to occur but to be lower than in
other sources due to:

1. Careful data collection.
2. The high actual reported prevalence and the high acceptance

of violence in the region.
3. Direct evidence of more reporting than in other sources. 40 %

of the women abused in the DHS surveys had reported this to
someone and only 7 percent had reported it to a formal source
(Palermo et al. 2014).



Self reported abuse (2)

I We still have to assume that that the conditional probability of
reporting abuse is unaffected by e.g. employment.

I In analyzing the effects across subgroups we have to assume
that different types of women have equal probability of
reporting which is more unlikely.





Resources

I We focus on the following three types of resources: wealth,
employment, and education.

I We differentiate between absolute and relative resources...
I ...at the micro and macro levels.
I We also investigate cross level interactions.



Absolute resources at the individual level

I At the individual level, resources are often argued to be
empowering and protective against intimate partner violence
(Jewkes 2002).

I However, the relationship between resources and violence need
not be linear, and some even argue for a backlash, whereby
increased resources lead to more abuse for women (True 2012).



Resources reduce violence: Psychology

I In the psychological literature, poverty is associated with
stress, which is thought to influence the degree of abuse
(Jewkes 2002).

I The frustration-aggression hypothesis is the most common
psychological theory on the link between poverty and
aggression (Barlett and Anderson 2013).

I Mani et al. (2013) find that poverty reduces cognitive capacity
in a laboratory study as well as in a field study.

I As cognitive capacities such as self-control are consistently
argued to be important in the psychology of violence (e.g.
DeWall et al. 2011) there is a plausible link between income
and abuse at the individual level.



Resources reduce violence: Sociology and economics

I One of the most popular sociological theories of domestic
violence, the resource theory, suggests that men with few other
resources may use violence to maintain dominance within the
family (Vyas and Watts 2009).

I An additional avenue for the protective role of individual
resources is evoked in bargaining theories of the household,
where women’s outside options are crucial and should reduce
intimate partner violence (Farmer and Tiefenthaler 1997).



Resources increase violence: Sociology and economics

I According to the backlash theory, men may use violence to
counteract the increased power gained by women and in order
to reinstate their dominance (e.g. Eswaran and Malhotra
2011).

I In bargaining models where violence is instrumental or
extractive, increased female income may lead to more violence
as there are more resources to extract (e.g. Bloch and Rao,
2002).







I Employment is correlated with a 4 ppt increased risk of abuse



More employment results

Abuse
Sector

Professional 0.0016
Clerical -0.039***
Sales 0.041***
Self empl. agriculture 0.023***
Employed agriculture 0.075***
Domestic 0.076***
Service 0.029***
Skilled manual 0.017***
Unskilled manual 0.056***



Work for

Family 0.042***

(0.0054)

Someone else 0.041***

(0.0059)

Self employed 0.037***

(0.0035)

Remuneration

Paid in cash 0.017***

(0.0035)

Paid in both cash and in kind 0.042***

(0.0054)

Paid in kind 0.042***

(0.0088)



Relative and gendered theory

I Relative resource theories claim that it is not the woman’s
resource level in itself, but her position within the household,
that matters (Vyas and Watts 2009).

I As in the literature on the role of absolute resources, the
theories about the role of relative resources yield opposing
predictions:

I Marital dependency.
I Bargaining models of domestic violence where violence is

expressive.
I Status inconsistency.
I Gendered resource theory.



Results

I We find support for both the status inconsistency theory and
the marital dependency theory.

I Intra-household inequality in education (in both directions) is
associated with more violence.

I Female employment is always correlated with a higher risk of
abuse, irrespective of whether the partner is working or not.



Macro level resources

I Resources at the macro level may have an influence on
intimate partner violence, by shaping the opportunities and
constraints provided by society.

I Social disorganization theory predicts poor areas to have
weaker social bonds between individuals leading to less social
control and more social isolation (Benson et al. 2003).

I Female education at the community level may shape local
discourses and affect the perception of women in society as
well as policies.

I Jewkes (2002) argues that intimate partner violence is
probably more prevalent in more unequal societies



Macro level employment

I Female employment is argued to make women informed about
their interests, and more capable of acting on them (Iversen
and Rosenbluth 2008).

I These effects may spill over on other women, irrespective of
whether they work or not.

I In a bargaining framework, it is also important to consider
potential, rather than actual, income as determinant of outside
options and threat points (Aizer 2010).

I As improved employment opportunities increase the bargaining
power of all women, including those who are currently not
employed, women’s employment rates could also in this way
lower the risk of abuse.



Cross level interactions

I The pioneering hypothesis:
I The prevalence of female wage employment likely interacts

with individual level employment, as “women who pioneer
change within a community may be at greatest risk of
violence” (Vyas and Watts 2009, p. 598).

I The contextual acceptance employment hypothesis:
I Female employment is particularly risky in settings where

prevailing norms and values are such that wife-beating is
considered acceptable



Contextual results

I Not higher risk in poorer areas.
I Higher risk (for everyone!) in areas with more wealth

inequality.
I Higher risk in more accepting areas.
I Being employed is correlated with an even higher risk of abuse

in areas with high acceptance.



Context matters



Lessons

I We observe that the data is more consistent with some
theories rather than other.

I Rich data helps: Inequality and cross level interactions seem
important.

I The correlations should not be given a causal interpretation:
I Left out variables correlated both with resources and with

abuse.
I Causality running from abuse to any of the resource indicators

(e.g. employment).

I In addition, reporting may be affected.



Structural Change and wife-beating: A disaggregated study
of mineral mining and intimate partner abuse in
Sub-Saharan Africa, 1999–2013

I Kotsadam, Østby and Rustad. (2017, Political Geography).



Recap: different theories of jobs and DV

I Mining in SSA increases both female and male employment
(Kotsadam and Tolonen 2016):

I Less female dependency and better outside options?
I More dependency?
I Status inconsistency?
I Effects depend on pre-existing acceptance levels?



What do we do?

I Geographically match industrial mines in Sub-Saharan Africa
to DHS respondents using detailed spatial information.

I Compare communities close to mines with those further away.
I Compare communities before and after mine openings.
I Analyze the effects of industrial mining on domestic violence

and explore the mechanisms for such effects.



Example from DRC



Findings

I We find no overall statistically significant effect of mine
openings on the risk of partner abuse.

I There are heterogeneous effects across countries and clusters.
I In particular, mine openings are associated with increased DV

in local areas with higher general acceptance of such abuse.
I The patterns are corraborated in case studies of Tanzania and

Zambia.



Lessons

I Mining also affects other things than just employment.
I We investigate the role of alcohol and migration but there may

of course be other factors.
I Mine openings constitute a very particular type of structural

change.



Outline

What do we know?
Paper 1: Cross-national and multilevel correlates of partner
violence: an analysis of data from population-based surveys
Paper 2: Resources and intimate partner violence in
Sub-Saharan Africa
Paper 3: Structural Change and wife-beating

Gaps and how to fill them
Causality
Paper 4: Weather Shocks and Violence Against Women in
Sub-Saharan Africa
Reporting issues
Paper 5: Jobs and IPV – Evidence from a Field Experiment in
Ethiopia



Causal effects of employment?

I Perhaps the most striking result is the positive correlation
between employment and abuse.

I A major limitation in previous literature is that the most direct
evidence is based on correlational studies.

I While such correlations are illustrative they do not tell us
whether employment causally reduces IPV, whether IPV cause
lower employment, or whether there is some other factor that
affects both employment and IPV.



Quasi-experimental evidence

I No field experiment has been done on the effects of jobs on
IPV.

I Some related studies exist on cash transfers (e.g. Angelucci et
al. 2008; Hidrobo et al. 2016; Ramos 2017; Roy 2017) and
microcredit (e.g. Pronyk et al. 2006).

I Such programs are likely to have other effects than
employment has.

I There is, however, a literature using quasi experiments.



Income and abuse

I As poor areas are different from rich areas on many
dimensions, such as poor institutions and poor schools, it is
hard to disentangle the causal effects of contextual poverty
from the effects of these other factors.

I Similarly, at the individual level it is hard to distinguish the
effects of poverty on violence from factors that may cause
both poverty and violence, such as low impulsive control or
self-esteem.

I Several studies use the most common source of income
variation in the developing world: deviations in rainfall relative
to what is normally observed.



Rainfall and violence against women

I Sekhri and Storeygard (2013) find a positive effect of droughts
on both domestic violence and dowry deaths in India.

I Miguel (2005) finds that twice as many “witches” are
murdered in years following droughts or floods in a district in
rural Tanzania.

I Abiona and Foureaux Koppensteiner (2016) find increased IPV
after droughts in Tanzania, especially for poor women.

I Cools, Flatø, and Kotsadam (2018, RR JPR) investigate the
effects of droughts and floods in SSA and find no clear effects
on abuse.



Rainfall shocks are not employment

I Even if rainfall causes abuse (which is not clear in general), it
is not the same thing as employment effects.

I While income is affected it is a particular type of income
shock :

I Experiments show that unexpected negative shocks cause
frustration leading to aggressive behavior (Munyo and Rossi
2013).

I Upset losses in American football (Card and Dahl 2011) and
soccer (Munyo and Rossi 2013) lead to spikes in violent crime.

I Weather may have direct effects on abuse (mood,
temperature).



More direct tests of the effects of employment

I Chin (2012) uses rainfall shocks to instrument for employment
in rice (female dominated) and wheat (male dominated)
agriculture in India:

I Female employment reduce violence.
I Amaral et al. (2015): DD of NREGS in India

I Program induced increases in female employment increased
IPV

I 3 papers using Bartik instruments
I When labor markets have better conditions for women: abuse

decreases in the US (Aizer 2010) and the UK (Anderberg et al.
2016) but increases in areas of Spain where men are
traditionally breadwinners (Tur-Prats 2017).



Reporting issues

I The second important shortcoming in previous literature
concerns the issue of reporting bias.

I When asking about attitudes towards, or experience with, IPV
we worry that individuals may conceal their experiences and
opinions in order to conform to social norms or because they
are ashamed.

I If such social norm bias is related to factors such as
employment it can seriously undermine the credibility of the
self-reported measures.



Jobs and intimate partner violence – Evidence from a Field
Experiment in Ethiopia

I Tigabu Getahun, Andreas Kotsadam, and Espen Villanger
(Ongoing).



Employment and IPV

I The present project is the first to identify the effects of jobs on
IPV using a randomized field experiment.



The field experiment

I We are collaborating with large companies that are hiring new
workers and are willing to slightly alter their recruitment
process.

I The companies included in our study have agreed that they
first assess all job applicants and determine whether each
applicant is eligible for the job or not.

I Then, from the pool of eligible candidates, the company
randomly selects those that will get a job.

I This is possible since there is surplus demand for jobs.



Data

I Pre- and Post- longitudinal data is collected using a detailed
structured survey instrument.

I We have a survey team that is ready to travel to each of the
factories as soon as they decide to hire more workers.

I The women are interviewed before they start working and the
first follow up data collection is planned to be around 6
months after the first interview.



Data so far

I Data collection is still ongoing and we hope to get a sample of
around 1700 women.

I We have recieved baseline data for 1031 women from 18 firms.
I We recieved the first follow up data for the six-months follow

up for 709 women on November 10 2017.
I The experiment, hypotheses, variable operationalizations,

exact model specifications and power calculations are
described in a published pre-analysis plan (AEA RCT Registry
#2569, November 9).



Abuse measures

We create our main dependent variable using an identical setup as
the DHS:
1. Abuse last 3 months = 1 If the respondent has been abused by

their partner during the last 3 months: 17.8 %.



Employment and IPV at baseline (full sample)

(1) (2) (3) (4) (5)

Abuse Abuse Abuse Abuse Abuse

Any formal wage job (ever) 0.064** 0.069** 0.066** 0.065** 0.065**

(0.027) (0.027) (0.027) (0.028) (0.027)

Additional controls No age,fbm religion edu attitudes

No. of observations 1031 1031 1031 1031 1031

R-squared 0.01 0.02 0.02 0.02 0.06

Merged sample



First stages

(1) (2) (3) (4) (5) (6)

Job Earnings Share She more Income Share

Treatment 0.43*** 2044.0*** 0.24*** 0.19*** 1371.0*** 0.072***

(0.035) (250.9) (0.032) (0.037) (327.4) (0.021)

Mean dep. var in C group 0.30 1284.03 0.20 0.14 3099.87 0.21

No. of observations 709 709 541 541 708 686

R-squared 0.31 0.27 0.20 0.14 0.11 0.13

Controls Full Full Full Full Full Full



Place your bets now

I Employment is correlated with abuse.
I Theory can be used to argue for positive and negative effects.
I We have a clear first stage predicting employment.
I What are the reduced form effects of treatment on abuse?



Reduced form effects on different abuse variables

(1) (2) (3) (4) (5)

Abuse Abuse Less Severe Sexual

Treatment -0.0029 -0.0066 -0.00006 -0.0017 0.0013

(0.026) (0.026) (0.024) (0.0039) (0.014)

Mean dep. var in C group 0.13 0.13 0.11 0.01 0.03

No. of observations 709 709 709 709 709

R-squared 0.04 0.10 0.07 0.10 0.12

Controls Block Full Full Full Full



OLS and IV for the main variable: Any formal wage job last 6
months

(1) (2) (3) (4) (5) (6)

OLS OLS First stage First stage IV IV

Any wage job last 6 months (B) 0.059* 0.060*

(0.034) (0.033)

Any wage job last 6 months -0.0065 -0.015

(0.057) (0.059)

Treatment 0.44*** 0.43***

(0.034) (0.035)

Mean dep. var in C group 0.13 0.13 0.30 0.30 0.13 0.13

No. of observations 709 709 709 709 709 709

R-squared 0.06 0.10 0.28 0.31 0.04 0.09

Controls Block Full Block Full Block Full



Other IV results

(1) (2) (3) (4) (5)

Abuse Abuse Abuse Abuse Abuse

Earnings job last 6 months -0.0000016

(0.000014)

Share of earnings -0.0012

(0.36)

Income last 6 months -0.0000017

(0.000017)

Share of income 0.030

(0.33)

She earns more 0.0084

(0.16)

Controls Block Block Block Block Block



Heterogeneity

I We do not identify any hetereogeneous effects based on the
baseline control variables. Tables

I There seems to be heterogenous effects w.r.t. empowerment,
however.

I Treatment causes abuse to increase for women that were less
empowered at baseline.



Heterogeneity with respect to empowerment indices

DV: Abuse last 3 months (1) (2)
Hetereogeneity variable index #items
Treatment -0.058 -0.058

(0.038) (0.038)
Hetereogeneity variable -0.028 -0.0024

(0.051) (0.0042)
T*Het. variable 0.14** 0.012**

(0.070) (0.0059)
Mean dep. var in C group 0.13 0.13
No. of observations 640 640
R-squared 0.06 0.06
Controls Block Block

Individual variables



Extensions (1)

I Longer term effects will be investigated with surveys after 12
and 18 months.

I We will conduct list-experiments to investigate and correct for
the degree of under-reporting. Details

I 3 new papers investigate underreporting, none of them find it
to be correlated with employment (Aguero and Frisancho
2017; Peterman et al. 2017; Joseph et al. 2017).



Extensions (2)

I A subset of the women (both working and not) will be
randomly assigned to an empowerment training to see how the
interaction of attitudes and employment plays out.

I We will explicitly model interactions between factors at the
micro- and community level (as the experiment takes places in
different areas).



Concluding thoughts (1)

I Resources are correlated with abuse, but it far more
complicated than just “↑ resources → abuse ↓”.

I Inequality and cross level interactions seem important.
I The correlations should not be given a causal interpretation
I Causality is important for policy.



Concluding thoughts (2)

I We the first to use randomization of jobs to assess the causal
effects on violence.

I I will refrain from concluding based on the limited data.
I I hope you share a fraction of my excitement for seeing the

results when the total data comes!



Appendix



Baseline specification WD paper

Yict = α+ β1 · Zict + β2 · Xit + εict

I Z is a vector with various resource indicators for the individual
or her partner and their relative standing (in the micro
analyses), and for their community (in the macro analyses).

I It contains wealth, education, and employment.
I X is a vector of demographic control variables: Respondents’

age, marital status, number of children, religious affiliation and
urbanness. In some cases we use an indicator of the
individual’s attitudes towards wife-beating as a control
variable.

I Country and year dummies are included in all regressions.



Setting

I Labor costs are rising in Asia and firms are starting to relocate
elsewhere.

I In particular, millions of jobs are expected to leave China due
to higher wages and declining population for manufacturing
(one child policy, plus want other jobs).

I This may give hope for African countries, and a recent review
find that Ethiopia stands out as a future site for manufacturing
(Gelb et al 2017).



Where we come in

I The Ethiopian Government views manufacturing as central to
their growth strategy.

I The manufacturing sector is growing quickly and the
Government is actively accommodating foreign direct investors.

I One way of doing so is to build industrial parks to provide
economies of scale for the potential investors.

I We work with firms within such industrial parks.



Baseline specification

Yit2 = α+ β1 · Treatedi + β2 · Yit1 + Xit1β + cl + εit

I X is a vector of baseline control variables (more soon)
I C are a set of list fixed effects (blocking variables) as women

are randomized within this unit.



Imperfect compliance

I Some assigned to treatment quit, and some not assigned to
treatment find other jobs.

I We therefore also estimate IV models:

1. Zit2 = α+ β1 · Treatedi + β2 · Yit1 + Xit1β + cl + εit

2. Yit2 = α+ β1 · Predicted(Zit2) + β2 · Yit1 + Xit1β + cl + εit

I The main pre-specified Zit2 is “Any wage job last 6 months”.



Test of balance: Treatment as dependent variable

Any formal wage job (ever) 0.019 (0.042) 0.014 (0.043)
Age 0.0038 (0.0033) 0.0011 (0.0035)
Justified: goes out -0.053 (0.044) -0.041 (0.053)
Justified: neglects ch -0.040 (0.043) -0.040 (0.056)
Justified: refuses sex -0.10* (0.056) -0.12* (0.066)
Justified: argues -0.034 (0.051) 0.023 (0.062)
Justified: burns food 0.019 (0.054) 0.11 (0.069)
Abuse last 3 months 0.034 (0.049) 0.049 (0.050)
Muslim -0.16*** (0.059) -0.15** (0.064)
Protestant 0.15 (0.094) 0.13 (0.099)
Medium education -0.036 (0.047) -0.054 (0.070)
High education 0.024 (0.052) -0.037 (0.077)
Father beat mother -0.059 (0.041) -0.061 (0.041)

No. of observations 709 709
F-test 0.73
P-value of F-test 0.392



The field experiment

I More specifically, our intervention centers on shoes and
garment factories in five different regions: Tigray, Amhara,
Oromia, SNNP, and Dire Dawa.

I The factories standard procedure of hiring is to advertise bulks
of positions by posting on the front gate, word of mouth, and
local job boards.

I The applicants are asked to gather on a specific day and are
screened for eligibility using verbal and physical tests.



The field experiment

I We focus on women with partners.
I Lists are created containing the eligible partnered entry-level

applicants and within these lists some are then randomized to
either receiving a job offer in the given factory (treatment) or
to a control group.

I The randomization is done using computers and the applicants
are informed about the procedure before the randomization is
conducted.



The jobs

I People earn on average 1021 ETB per month (1000=28 £, 38
$, 303 NOK).

I They usually work for 8 hours 6 days a week.
I Almost 40 percent have quitted after 6 months (get better

job, health reasons, and to take care of kids, are the main
explanations they give)

I 70 percent say they are/were happy working at the factory.
I 20 percent say they partners are unhappy about them woring

at the factory.
I 23 percent say they experienced health problems due to work.



Controls

Mean SD

Any formal wage job (ever) 0.358 (0.480)
Age 25.855 (7.325)
Justified: goes out 0.254 (0.436)
Justified: neglects ch 0.283 (0.451)
Justified: refuses sex 0.127 (0.333)
Justified: argues 0.165 (0.371)
Justified: burns food 0.147 (0.354)
Abuse last 3 months 0.178 (0.383)
Muslim 0.220 (0.415)
Protestant 0.161 (0.368)
Medium education 0.440 (0.497)
High education 0.200 (0.400)
Father beat mother 0.322 (0.467)

N 709



Controls as baseline predictors: Abuse as dependent variable

Any formal wage job (ever) 0.059* (0.034) 0.060* (0.033)
Age -0.00019 (0.0025) 0.001 (0.0026)
Justified: goes out 0.11***(0.037) 0.025 (0.046)
Justified: neglects ch 0.14***(0.037) 0.053 (0.049)
Justified: refuses sex 0.17***(0.052) 0.087 (0.061)
Justified: argues 0.13***(0.046) 0.015 (0.052)
Justified: burns food 0.17***(0.049) 0.087 (0.065)
Muslim 0.022 (0.043) 0.002 (0.045)
Protestant -0.096 (0.063) -0.085 (0.064)
Medium education -0.047 (0.038) -0.077 (0.051)
High education 0.0100 (0.044) -0.041 (0.061)
Father beat mother 0.033 (0.033) 0.028 (0.033)

No. of observations 709 709
R-squared 0.10



Empowerment

I To create an empowerment measure we use 12 survey
questions.

I For each of these questions we create a dummy variable for
whether the partner has the final say.

I We then add the 12 variables together and divide by 12 to get
an index ranging between 0 and 1.

I We also count the number of settings in which he has final say.



Reduced form effects on empowerment indices

(1) (2)
index #items

Treatment 0.0082 0.098
(0.027) (0.32)

Mean dep. var in C group 0.31 3.76
No. of observations 612 612
R-squared 0.12 0.12
Controls Block Block

Individual variables



Blattman and Dercon (2016)

I A previous study has been conducted using randomly assigned
job applicants in Ethiopia.

I Blattman and Dercon (2016) conduct a randomized study of
jobs at 5 firms to investigate income and welfare effects.

I They found that treated people work more hours but do not
earn more.

I Most people also quitted the jobs, especially men.



Employment and IPV at baseline (merged sample)

(1) (2) (3) (4) (5)

Abuse Abuse Abuse Abuse Abuse

Any formal wage job (ever) 0.060* 0.064** 0.063** 0.060* 0.060*

(0.031) (0.031) (0.031) (0.032) (0.032)

Controls No age,fbm religion edu attitudes

No. of observations 709 709 709 709 709

R-squared 0.01 0.01 0.01 0.01 0.05

Back



Identity

(1) (2) (3) (4) (5) (6) (7) (8)

Baseline Endline Baseline Endline Baseline Endline Treatment Control

Share of earn -0.047 0.035 0.14 0.12 0.041 0.12

(0.050) (0.042) (0.17) (0.12) (0.18) (0.22)

She more 0.057 0.0095 0.20 -0.34 -0.22 -0.58***

(0.047) (0.038) (0.26) (0.21) (0.26) (0.21)

She more -0.41 0.26 0.19 0.58

*Share of earn (0.32) (0.25) (0.34) (0.36)

Mean dep. var 0.18 0.13 0.18 0.13 0.18 0.13 . 0.13

N 486 541 486 541 486 541 306 235

R-squared 0.08 0.06 0.10 0.06 0.08 0.06 0.06 0.13

Controls Block Block Block Block Block Block Block Block



Reduced form effects on empowerment variables (1)

(1) (2) (3) (4) (5) (6)

She sick # ch contracepti earn visit use her

outside relatives earnings

Treatment 0.038 0.057 0.056** -0.025 0.0014 0.00089

(0.033) (0.036) (0.028) (0.033) (0.034) (0.032)

Mean dep. var in C group 0.24 0.31 0.14 0.28 0.26 0.22

No. of observations 709 702 704 709 708 657

R-squared 0.07 0.10 0.13 0.12 0.08 0.12

Controls Block Block Block Block Block Block

Back



Reduced form effects on empowerment variables (2)

(7) (8) (9) (10) (11) (12)

use his small bulk large bank business

earnings purchases purchases purchases

Treatment -0.022 0.015 -0.0067 -0.040 -0.037 -0.033

(0.037) (0.017) (0.033) (0.037) (0.038) (0.038)

Mean dep. var 0.55 0.04 0.24 0.44 0.46 0.46

N 680 708 708 708 701 700

R-squared 0.14 0.04 0.06 0.10 0.08 0.07

Controls Block Block Block Block Block Block

Back



Heterogeneity w.r.t baseline control variables (1)

DV: Abuse (1) (2) (3) (4) (5) (6)

Het var Any wage job Justified: Justified: Justified: Justified: Justified:

ever goes out neglects ch refuses sex argues burns food

Treatment 0.016 0.0090 0.011 -0.0033 0.0089 0.0079

(0.030) (0.029) (0.031) (0.027) (0.028) (0.028)

Het. var 0.060 0.045 0.010 -0.0027 0.064 0.037

(0.043) (0.045) (0.042) (0.051) (0.054) (0.058)

T*Het. variable -0.054 -0.045 -0.053 0.0031 -0.071 -0.075

(0.055) (0.061) (0.055) (0.082) (0.070) (0.071)

Mean dep. 0.13 0.13 0.13 0.13 0.13 0.13

N 709 709 709 709 709 709

R-squared 0.05 0.04 0.04 0.04 0.05 0.04

Controls Block Block Block Block Block Block

Back



Heterogeneity w.r.t baseline control variables (2)

DV: Abuse (7) (8) (9) (10) (11) (12) (13)

Het var Abuse Age Muslim Protestant Medium High Father b

3 m educ educ mother

Treatment -0.0091 0.074 0.0096 0.00082 -0.024 -0.010 -0.045

(0.025) (0.087) (0.029) (0.027) (0.035) (0.029) (0.031)

Het var 0.18*** -0.00066 0.034 -0.077 -0.038 -0.017 -0.072*

(0.062) (0.0031) (0.050) (0.080) (0.042) (0.049) (0.037)

T*Het. variable 0.014 -0.0029 -0.052 -0.012 0.048 0.036 0.13**

(0.084) (0.0033) (0.064) (0.083) (0.051) (0.065) (0.054)

Mean dep. 0.13 0.13 0.13 0.13 0.13 0.13 0.13

N 709 709 709 709 709 709 709

R-squared 0.09 0.05 0.04 0.05 0.04 0.04 0.05

Controls Block Block Block Block Block Block Block

Back



Heterogeneity w.r.t empowerment variables (1)

DV: Abuse (1) (2) (3) (4) (5) (6)

Het var She # ch contracept earn visit use her

sick outside relatives earnings

Treatment -0.018 -0.064* -0.031 -0.032 -0.020 -0.038

(0.033) (0.034) (0.032) (0.034) (0.031) (0.032)

Het var 0.000014 -0.049 -0.045 -0.057 0.010 -0.049

(0.038) (0.037) (0.038) (0.036) (0.038) (0.039)

T*Het. variable 0.038 0.13** 0.088 0.070 0.046 0.10*

(0.052) (0.052) (0.055) (0.052) (0.054) (0.057)

Mean dep. 0.13 0.13 0.13 0.13 0.13 0.13

N 709 694 702 709 709 658

R-squared 0.04 0.05 0.05 0.05 0.05 0.05

Controls Block Block Block Block Block Block

Back



Heterogeneity w.r.t empowerment variables (2)

DV: Abuse (7) (8) (9) (10) (11) (12)

Het var use his small bulk large bank business

earnings purchases purchases purchases

Treatment -0.055 -0.0094 -0.018 -0.056 -0.064* -0.064*

(0.037) (0.028) (0.032) (0.037) (0.035) (0.036)

Het var -0.0069 -0.028 0.019 -0.019 -0.011 -0.028

(0.039) (0.046) (0.038) (0.039) (0.039) (0.038)

T*Het. variable 0.097* 0.043 0.040 0.093* 0.12** 0.11**

(0.050) (0.070) (0.053) (0.051) (0.051) (0.051)

Mean dep. 0.13 0.13 0.13 0.13 0.13 0.13

N 706 709 709 709 709 709

R-squared 0.05 0.04 0.05 0.05 0.05 0.05

Controls Block Block Block Block Block Block

Back



List experiment

I Also known as the item count method.
I The idea is to rely upon randomization and aggregation in the

following sense:
I The sample is randomly divided into two groups and

respondents are asked to count the number of items on a list
that either includes a sensitive item or not.

I By comparing the number of items across the two groups we
get a prevalence measure without any specific individual
having revealed their own status. Back



List experiment
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From the survey
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Data on mining

I We use a novel, longitudinal dataset on large-scale mines, The
Raw Materials Database.

I The data is geocoded with point coordinates, and mine
production data exist annually for 1975 and 1984-2013.





Baseline specification

Yivt = β1 · activeit + β2 · inactiveit + λXit + αc + gt + εivt

I X includes age, marital status, number of children, wealth, and
years of schooling.

I s.e.’s are clustered at the DHS cluster level.
I Parameters of interest: β1 and β1 − β2
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