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Abstract 

Most previous evidence on employment and Intimate Partner Violence (IPV) is based on 

correlational studies. While correlations are illustrative they do not tell us whether employment 

affects IPV, whether IPV affects employment, or whether there is some other factor that affects 

both employment and IPV. Recent scholarship has also investigated the effects of contextual 

level employment level using Bartik instruments finding that when labor markets have better 

conditions for women, abuse decreases in the US and the UK but increases in areas of Spain 

where men are traditionally breadwinners. The present project is the first to identify the 

individual level effects of jobs on IPV. We do so by collaborating with large companies in 

Ethiopia to randomly assign jobs to applicants. In this plan we describe the analytic decisions 

that will be made in the analysis of the data in the project. That is, we describe the hypotheses 

to be tested and how they will be tested. The description includes how the variables are coded, 

how we will deal with attrition and missing values, and how the estimation equations will look 

like. We also conduct a power analysis which suggests that we are able to identify relatively 

small effects. All deviations from the plan will be highlighted in the final paper. 
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Introduction 

Intimate Partner Violence (IPV) is considered to be the most widespread form of human rights 

violation worldwide (Ellsberg et al. 2015; Fried 2003; Garcia-Moreno et al. 2005; Heise 2011). 

In addition to being harmful in itself, IPV has also been shown to be costly for society and 

related to a host of negative outcomes for the women who are abused (Krishnan 2005), and 

people around them (Jewkes 2002; True 2012). 

IPV is prevalent in all societies, but the level and the degree to which it is considered acceptable 

vary greatly. In Ethiopia, data from the WHO shows that 54 percent of ever partnered women 

in a rural setting have been victims of IPV during the last year (See Table 1). This rate is higher 

than in all the other locations used in the WHO ten country study (Garcia-Moreno et al. 2008). 

Acceptance levels, i.e. the degree to which a husband is perceived as justified in beating his 

wife, is also very high in Ethiopia, ranging from 85 percent of women in year 2000 to 69 percent 

in 2011 (see Table 1). In Sub-Saharan Africa in general the average acceptance rate among 

women is 54 % (Cools and Kotsadam 2017).  

 

We investigate the causal effects of employment on IPV in Ethiopia with the help of a 

randomized field experiment. Different theories on the relationship between employment and 

IPV have been stipulated at different levels of analysis. At the individual level, employment is 

often argued to be empowering and protective against intimate partner violence (Jewkes 2002). 

One idea is that employment reduces poverty and poverty is associated with stress, which is 

thought to influence the degree of abuse (Jewkes 2002; Barlett and Anderson 2013). From a 

more social perspective, resource theory regards the family as a power system and suggests that 

men with few other resources may use violence to maintain dominance within the family 

(Goode 1971; Vyas and Watts 2009).  

An additional avenue for the protective role of employment is evoked in bargaining theories of 

the household, where women's outside options, usually considered to be the utility level in case 

of divorce, are crucial in determining the outcome of the bargain (Manser and Brown 1980; 
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McElroy and Horney 1981; Lundberg and Pollak 1996; Farmer and Tiefenthaler 1997; Pollak 

2005; Eswaran and Malhotra 2011; Anderberg et al. 2016). In these models, improved outside 

options through individual employment possibilities should reduce intimate partner violence, 

all else equal (Farmer and Tiefenthaler 1997).  

On the other hand, an increase in women's resources may yield a higher risk of abuse (referred 

to as a violence backlash). As women become more resourceful, men may resort to violence for 

instrumental reasons, both in order to counteract the concomitant increase in female power and 

because there are more resources to “extract” from female hands (Eswaran and Malhotra 2011; 

Heise and Garcia-Moreno 2002). Increased access to resources might also make women more 

willing to challenge certain norms, which may in turn spur a violent response by their husbands.  

At the relationship level, the relative resource theories claim that it is not the woman's resource 

level in itself, but her position within the household, that matters (Vyas and Watts 2009). These 

theories come in different forms and yield different predictions about the effects of female 

employment, with female empowerment and poverty as important mediators. The theory of 

marital dependency states that being economically dependent on a male partner increases 

women's risk of abuse, since it makes them less likely or able to exit the relationship (Vyas and 

Watts 2009). In line with this, Aizer (2010) finds that reductions in the gender wage gap cause 

less violence against women in California, US. In theories viewing marriage as an exchange 

relationship, cultural expectations define and put value on different divisions of labor. 

Masculinity is constructed in relation to femininity, and wives' employment should be studied 

in relation to their husbands' (Macmillan and Gartner 1999; Pence and Paymar 1993; 

McCloskey 1996; Atkinson et al. 2006). According to status inconsistency theories, where 

atypical roles threaten male identity (Hornung et al. 1981), women having more resources than 

men could lead to increased violence. Hornung et al. (1981) find that women with higher 

occupational status than their partner are more at risk of abuse in the US. They invoke the 

explanation that expectations about relative status are normative, and deviations lead to 

psychological stress -- resulting in violence. 

At the community level the degree of structural levels of acceptance, female empowerment, 

and female employment may act to increase the risks of IPV. Importantly, the effects of the 

community level factors could work both directly and by way of mediating the effects of 

individual employment. In the existing literature, interactions across analytic levels have been 

most saliently hypothesized with respect to employment. Reviewing the literature on women's 

income and intimate partner violence, Vyas and Watts (2009) show that the results are 
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heterogeneous across countries. They point to differences in contextual factors as a likely 

reason, in particular to the prevalence of female wage employment, as “women who pioneer 

change within a community may be at greatest risk of violence" [p. 598]. Heise and Kotsadam 

(2005) find that the association between abuse and working for cash is most negative in 

countries where fewer women work. In the same vein, Kabeer (1997) argues for a need to 

contextualize the effects of resources, as their meaning and effects are shaped by local 

circumstances and values. Koenig et al. (2003) find that the effect of participation in a credit 

group in Bangladesh increased abuse in conservative villages, while it decreased violence in 

relatively more gender equal villages. Cools and Kotsadam (2017) argue that differences across 

contexts in how women's paid employment at the micro level impacts their abuse risk can be 

partly explained when made contingent directly on attitudes at the macro level. The presumed 

mechanism is that a high tolerance for wife-beating at the community level gives a certain 

impunity for the violent husband, thereby facilitating a violent response to changes in the 

household power balance. A woman's employment directly challenges the breadwinner status 

of her husband. Additionally, it has a direct effect on her behavior and daily activities, and it 

provides her with access to social networks and outside options. Lastly, it is observable from 

outside the household, and as such it may constitute even more of a threat to the husband's status 

in a setting which prescribes male dominance. Based on these views, they propose a “contextual 

acceptance employment hypothesis”, suggesting that female employment is particularly risky 

in settings where prevailing norms and values are such that wife-beating is considered 

acceptable. They find strong support for this in their analysis of SSA.  

Similarly, Tur-Prats (2017) finds that the response to better labor market conditions for women 

is increased violence in parts of Spain with a traditional nuclear family tradition and no effects 

in areas of Spain with a traditional stem family tradition. She interprets her results in an identity 

framework where men loose identity utility if their breadwinner role is threatened in traditional 

cultures.  

The present project starts where the previous literature ends. By testing the causal effects of 

jobs in a setting with high acceptance of IPV we advance the knowledge in this field.  Previous 

studies that have investigated the question with quasi-experimental methods; one in the US 

(Aizer 2010) one in Spain (Tur-Prats 2017), one in the UK (Anderberg et al. 2016), and one in 

India (Chin 2012), have all looked at the effects of contextual level employment. Note that 

some related areas of study e.g. cash transfers (Hidrobo et al. 2015) and microcredit (Pronyk et 
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al. 2006), have utilized randomized assignment to identify causal parameters but such programs 

are likely to have other effects than employment has.  

Our results will be important for employment and job generation policies since there may be a 

double dividend from employment promotion for women: Increased incomes and reduced 

poverty, as well as effects on primary prevention of IPV. This would suggest that more 

resources should be devoted to including women in formal labor. If there is a violence backlash, 

however, it is important for policymakers to know so that supplementary policies can be enacted 

in areas with high female employment growth.  

In the present plan we describe how to test the open-ended hypothesis that employment affects 

violence, how we will code our variables and how we will deal with challenges to our empirical 

strategy. We will also highlight some potential avenues that we are likely to take in order to 

investigate the mechanisms of the results. These paths will be contingent on the sign and 

strength of the results and will thus be more explorative in nature.  

The field experiment  

The Ethiopian manufacturing sector is growing quickly and the Ethiopian Government is 

actively accommodating foreign direct investors. One way of doing so is to build industrial 

parks to provide economies of scale for the potential investors. We work with firms within such 

industrial parks. More specifically, our intervention centers on shoes and garment factories in 

five different regions: Tigray, Amhara, Oromia, SNNP, and Dire Dawa. The factories standard 

procedure of hiring is to advertise bulks of positions by posting on the front gate, word of mouth, 

and local job boards. The applicants are asked to gather on a specific day and are screened for 

eligibility using verbal and physical tests.  

The project goal is to identify a causal effect of employment. This is a challenging task since 

separating the effect of the job on IPV from other influential factors is inherently difficult. The 

key question is what the IPV would have been if the women had not gotten the jobs. Such 

counterfactual questions require a careful research design. Our approach is to randomly assign 

jobs to applicants (as in a recent study in Ethiopia by Blattman and Dercon (2016)). 

We are collaborating with large companies that are hiring new workers and are willing to 

slightly alter their recruitment process. The companies included in our study have agreed that 

they first assess all job applicants and determine whether each applicant is eligible for the job 

or not. Then, from the pool of eligible candidates, the company randomly selects those that will 



6 
 

get a job. This is possible since there is surplus demand for jobs. The procedure will ensure that 

the comparison group has similar characteristics as those who got a job. We focus on women 

with partners in this study. Lists are created containing the eligible partnered entry-level 

applicants and within these lists some are then randomized to either receiving a job offer in the 

given factory (treatment) or to a control group. The randomization is done using computers and 

the applicants are informed about the procedure before the randomization is conducted. 

Data and empirical strategy for the main analysis 

Pre- and Post- longitudinal data is collected using a detailed structured survey instrument. We 

have a survey team that is ready to travel to each of the factories as soon as they decide to hire 

more workers. The women are interviewed before they start working and the first follow up 

data collection is planned to be around 6 months after the first interview. The dates for the data 

collection are thus unknown at this time and will depend in particular on when the firms hire. 

The survey instrument includes modules gathering demographic and background information, 

including poverty measures and other socio economic variables. A comprehensive module for 

IPV was developed containing questions on both attitudes and experience with IPV. The survey 

also includes questions on female empowerment similar to the questions in the Demographic 

and Health Surveys (DHS).  

The IPV module is an add-on to the “Ethiopian women’s employment and livelihoods survey”, 

which mainly consists of a welfare module and a decision making module. We have complied 

to the additional ethical and methodological requirements of conducting a IPV study as 

described by (WHO 2001). Hence, ensuring the safety of respondents, enumerators and 

research team will direct our approach. To this end, we developed a clear and practical protocol 

addressing ethical issues that applies to our research. This protocol elaborates on several steps 

that we will take to minimize the inherent risks involved in IPV studies, particularly to avoid 

that the research in itself leads to more violence (see the description of the protocol in the 

appendix for details). 

Dependent variable: Abuse last 3 months 

It is important to apply accurate descriptions of the violence that has occurred in order to 

maximize disclosure (Ellsberg et al. 2001) and we will therefore ask about a wide range of 

abusive acts using indicators of internationally validated standardized IPV measures. We will 

base questions and sequencing on the WHO Violence Against Women Instrument (Ellsberg 

and Heise 2002) and the Conflict Tactics Scales (Straus 1979; Hindin et al. 2008). Hence, three 
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categories of violence are included, emotional, physical and sexual, in addition to controlling 

and manipulating behaviors such as threats.  

Using a modified Conflict Tactics Scale (CTS) has several advantages compared to many other 

datasets on violence (see Kishor (2005) for an extensive overview). A characteristic of CTS is 

that it uses several different questions regarding specific acts of violence. In this way the 

measure is less likely to be polluted by different understandings of what constitutes violence. 

CTS is also argued to reduce underreporting, as it gives respondents multiple opportunities to 

disclose their experiences of violence (Kishor 2005; La Mattina 2017). 

The variable that we call ‘‘Abuse last 3 months” is set equal to one for women who answer that 

they have ever had a partner doing one of the following to them during the last 3 months prior 

to being interviewed: Pushing, shaking, slapping, throwing something, twisting an arm, striking 

with a fist or something that could cause injury, or kicking or dragging (any of which is 

classified by the DHS as ‘‘less severe violence”), attempting to strangle or burn, threatening 

with a knife, gun, or other type of weapon, and attacking with a knife, gun, or other type of 

weapon (any of which is classified by the DHS as ‘‘severe violence”), and physically forcing 

intercourse or any other sexual acts, or forcing her to perform sexual acts with threats or in any 

other way (any of which is classified by the DHS as ‘‘sexual violence”). The survey questions 

are included below and we use the 10 standard variables (17b to 26b) to create our measure. 

Read: Now I need to ask some more questions about your relationship with your husband/partner. 
Did your husband/partner ever:  

 

17. push you, shake you, or throw something at you?  
 
If Yes, 
ask: 
Did this 
happen 
during 
the last 
3 
months? 

 
 
 
 
 
Yes=1 
 
No=0 
 

17b. |___| 

18. slap you? 18b. |___| 

19. twist your arm or pull your hair? 19b. |___| 

20. punch you with his fist or with something that could hurt 
you? 

20b. |___| 

21. kick you, drag you, or beat you up? 21b. |___| 

22. try to choke you or burn you on purpose? 22b. |___| 

23. threaten or attack you with a knife, gun, or other 
weapon? 

23b. |___| 

24. physically force you to have sexual intercourse with him 
when you did not want to? 

24b. |___| 

25. physically force you to perform any other sexual acts you 
did not want to? 

25b. |___| 

26. force you with threats or in any other way to perform 
sexual acts you did not want to? 

26b. |___| 

27. other violent acts against you that we have not 
mentioned? 
If yes, specify: 

27b.|___| 
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Main independent variables 

Any formal wage job (last 6 months) 

A crucial choice is how employment should be measured. Is it any job, any formal job, or any 

factory job that matters? As it is likely to be a qualitative difference between formal wage jobs 

and other types of activities we choose to create an indicator variable for having had any formal 

wage job.  

From the baseline data we will use the answer to the survey question: “Have you ever had a 

formal salaried job with salary before?”. From this we create the variable Any formal wage job 

which equal one if the answer is yes.    

In the follow up analysis we will instead create a variable, Any wage job last 6 months, which 

will be equal to one if the respondents answers affirmatively on either one of the two questions: 

“Did you start working at Factory X” (the one where the respondent applied) or “Have you had 

any other formal salaried job with salary since the last interview”. This variable will be used in 

the instrumental variables analysis (see below).     

Attitudes towards wife beating: 

We also collect data on attitudes toward IPV by asking the same questions as the main one used 

in the DHS surveys. For each of the five variables we code them as one if the respondent agrees 

that a husband is justified in beating his wife in the five following situations: She goes out 

without telling him, she neglects the children, she argues with him, she refuses to have sex with 

him, or she burns the food. 

Father beat mother 

Based on previous research (e.g. Cools and Kotsadam 2017) we also know that a strong baseline 

predictor of abuse is whether the respondent reports that her father abused her mother. We 

therefore create a variable “Father beat mother” that is equal to one if the respondent answers 

yes to the question: “As far as you know, did your father ever beat your mother?” 

Background variables 

We will retain the continuous coding of age in years. 
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We dummy code the religious affiliation of our respondents. The majority are likely to be 

Orthodox Christians and we let that be the base category and create dummies for the other 

denominations (most likely only Muslim and Protestant). 

We will recode the years of schooling variable into low (<10 years), medium (10 years), and 

high (>10 years) and use low education as the base category.  

Main estimation equations: 

There is a lot of uncertainty in how much the treatment will bite in terms of predicting formal 

employment at the follow up 6 months later. In particular, some people that are not assigned to 

treatment will find other jobs. Hence we will conduct both intention to treat analyses (ITT), 

where we regress abuse on the Treatment indicator, controlling for baseline abuse (and other 

baseline characteristics) and instrumental variable analyses (IV) where we instrument 

employment with the randomized treatment. 

We will start by estimating the following baseline intention to treat model: 

𝑦𝑖,𝑡2 = 𝑎𝑇𝑟𝑒𝑎𝑡𝑒𝑑_𝐽𝑜𝑏𝑖 + 𝑦𝑖,𝑡1 + 𝑥𝑖𝑡1𝛽 + 𝑐𝑙 + 𝑒𝑖,𝑡 

Where 𝑦𝑖,𝑡2 corresponds to recent Abuse last 3 months for woman i in time period t2. This is 

regressed on a dummy variable that equals one if the woman was randomized to get the job and 

zero if not. This captures the so called intention to treat effect and it gives us an estimate of the 

effect of being randomized into treatment. As long as treatment status is randomly assigned we 

do not expect any other differences between treated and control women. We will test if the 

groups are similar and also include control variables in order to increase power and precision 

(see “Power Calculations” for details). In particular we include the experience with IPV at 

baseline, list fixed effects (blocking variables) as women are randomized within this unit, and 

a vector of individual level controls X. The standard errors are clustered at the individual level. 

There is no need to cluster the cluster the standard errors at the factory level since the 

randomization is at the level of the individual. 

The vector of individual level controls are all taken from the baseline survey and are: Age, the 

five dummies on attitudes towards wife beating, Muslim, Protestant, Any formal wage job, 

Father beat mother, Medium education, and High education. We will test for baseline balance 

on these variables both individually and together by regressing 𝑇𝑟𝑒𝑎𝑡𝑒𝑑_𝐽𝑜𝑏𝑖 on the variables 

one by one while controlling for the blocking variable 𝑐𝑙. As many variables are tested we do 

not necessarily expect all of them to be statistically insignificant. We will also include all 
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variables at the same time and we will deem the randomization as successful if the F-test shows 

that the X variables cannot predict treatment status together.  

To account for imperfect compliance we also estimate an IV model of the following form: 

1) 𝐴𝑛𝑦 𝑤𝑎𝑔𝑒 𝑗𝑜𝑏 𝑙𝑎𝑠𝑡 6 𝑚𝑜𝑛𝑡ℎ𝑠𝑖𝑡2 = 𝑎𝑇𝑟𝑒𝑎𝑡𝑒𝑑_𝐽𝑜𝑏𝑖 + 𝑦𝑖,𝑡1 + 𝑥𝑖𝑡1𝛽 + 𝑐𝑙 + 𝑒𝑖,𝑡 

2) 𝑦𝑖,𝑡2 = 𝑃𝑟𝑒𝑑𝑖𝑐𝑡𝑒𝑑(𝐴𝑛𝑦 𝑤𝑎𝑔𝑒 𝑗𝑜𝑏 𝑙𝑎𝑠𝑡 6 𝑚𝑜𝑛𝑡ℎ𝑠)𝑖𝑡2 + 𝑦𝑖,𝑡1 + 𝑥𝑖𝑡1𝛽 + 𝑐𝑙 + 𝑒𝑖,𝑡 

Where we predict recent formal wage employment with the randomization and use the predicted 

values for formal employment in the second stage to calculate the local average treatment effect 

of having a formal job on Abuse last 3 months.  

Threats to the design 

Attrition: We expect attrition to be low as the respondents are followed closely but it may be 

the case that control women move far away or even abroad to find jobs for instance. Attrition 

from the sample will be investigated. In particular, we will check whether attrition is related to 

treatment status by the following regression:  

𝐴𝑡𝑡𝑟𝑖𝑡𝑖𝑜𝑛𝑖 = 𝑎𝑇𝑟𝑒𝑎𝑡𝑒𝑑_𝐽𝑜𝑏𝑖 + 𝑐𝑙 + 𝑒𝑖,𝑡 

Where 𝐴𝑡𝑡𝑟𝑖𝑡𝑖𝑜𝑛 is dummy equal to 1 if individual i does not respond on the abuse questions 

of interest in both surveys. Unless the difference between treatment and control is significantly 

different from zero at the 5 percent significance level, all estimations will proceed without any 

adjustment for attrition. If there is a statistically significant difference we will employ Lee 

bounds (Lee 2009).  

Limited variation: In order to limit noise caused by variables with limited variation, questions 

for which 95 percent of the observations have the same value within the relevant sample will 

be omitted from the analysis. 

Missing values: If we have missing values on variables we will code the variables as zero and 

include dummy variables controlling for missing status so that we do not loose observations. In 

some cases we may have missing values on important variables from the baseline. Sometimes 

the survey team will not have time to interview everyone before they start working. In such 

cases we will not use any baseline data on time varying factors such as employment, abuse etc. 

but we will code them as zero and include an indicator for missing status. In the cases where 

this applies to whole lists (as is likely), the list fixed effects will subsume the indicator variable 

for missing observations. We will retain the values for all predetermined variables, however, 
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such as religion, father beat mother, education, etc. We do not know if this is a problem in our 

data but the survey team is instructed to interview people that have been randomly assigned to 

jobs even if they have started working. Such cases will be highlighted by the enumerators.  

Possibly weak first stages and heterogeneity in the first stage relationship: We are genuinely 

uncertain about the strength of the first stage in our study. In addition to the control women 

finding jobs, some people that are assigned to jobs will quit. We have a question in the survey 

about if, when, and why people quit their job but this variable is not exogenous. We will 

describe the patterns of employment duration induced by the treatment using this variable, 

however. To explore this further we will also investigate hours in income generating activity 

during the last 7 days before the interview. This variable has the advantage of also capturing 

the aspect that people may quit. A disadvantage of this variable is that it does not capture 

whether the employment is formal. The variable will be used as an alternative endogenous 

variable in an instrumental variables regression.  

It may furthermore be the case that the first stage is stronger in some areas than in others due 

to e.g. less other options. It is difficult to come up with a decision to handle this ex-ante but we 

will check the first stage in each of the 5 regions and run a separate analyses in the region where 

the first stage is strongest as well as one where we drop the region with the weakest first stage. 

Other eventualities are likely to come up during the analyses and we will have to highlight them 

separately in the paper.  

Data and empirical strategy for the exploratory analysis of potential mechanisms 

We have chosen to call our tests of mechanisms exploratory as there are many different tests 

that can be done and as it is difficult to exhaust the list ex-ante. We want to stress that even if 

the list we give here turns out to be complete, the analysis will have to be seen as exploratory 

as the number of hypotheses is large.  

In order to test mechanisms we will regress treatment on income, controlling behavior, 

empowerment, and attitudes toward gender equality. If there is an effect on these variables we 

can include them in the baseline equation to investigate the causal effect of jobs over and above 

the effect it has on the intermediate variables. Such type of mediation analysis should not be 

seen as causal, however, as there are likely to be many variables correlated with the mediators 

that are not included in the analysis.  By interacting treatment with the baseline characteristics 

included as controls, we also explore the extent to which the effect differs across different types 

of women. In the process of testing mechanisms we will code some new variables.  
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Income and income shares: 

We will create a measure from the survey section on intra household income where we have 

net income for the respondent from:  

1. Factory job employment 

2. Other wage employment  

3. Self-employment  

4. Remittances 

5. Government or NGO transfer 

6. Other (specify)……… 

 

Adding up 1 and 2 will give us an indication of whether treatment affected earnings from 

employment during the last 6 months. Investigating 1 will also tell us how much the treatment 

affected earnings from factory jobs in total and this will described descriptively.  

The questions about incomes is also asked about the woman’s partner and we will create a 

variable of her share of couple income by adding 1-3 for her and him and then take her income 

divided by their total income. As most men are likely to be employed in some fashion (see e.g. 

Cools and Kotsadam 2017) we think the relative share of income is a better measure than coding 

up breadwinner status based on his and her employment status alone. The relationship between 

her income share and abuse may also be non-linear. In particular, there may be a difference 

around the 50 % share where she starts to earn more him. Discontinuities at this threshold have 

been documented to affect a large range of outcomes in the US (Bertrand et al. 2015). 

Controlling behavior and different types of violence 

To explore the mechanisms we will also investigate different types of violence. Following Tur-

Prats (2017) we will investigate whether there is also an effect on controlling behavior and 

emotional violence. This analysis can be used to shed light on the distinction between 

instrumental violence for resource extraction and more identity based violence. We can also 

explore whether there is an effect on extraction of resources within the household by 

investigating expenditure patterns.  
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We will follow Heise and Kotsadam (2015) and create a variable for the number of controlling 

issues last 3 months by adding the number of positive responses to questions 7b-11b (which are 

the same ones as the ones included in the DHS surveys).  

 

We will test whether emotional violence is affected by creating a variable “Emotional abuse 

during last 3 months” which is equal to one if 13b, 14b, or 15b is equal to 1 (which are the same 

ones as the ones included in the DHS surveys). 

 

Empowerment 

We have 15 different questions in the survey on intra-household decision making. Not all 

questions apply to all people in the sample, however. For example, the decision to send a child 

to school has missing values for all individuals that do not have children. To create an 

empowerment measure we restrict ourselves to the 12 measures that have fewer missing 

responses (03-15 below). For each of these measures we create a dummy variable for whether 

the partner has the final say.  As seen, this corresponds to the value of 2 in code B. We also 

code it as one if the partner decides together with some other member of the household. If the 

individual decides together with the partner we code the variable as zero only if she has “a lot” 

of input into the decision (i.e. category 4 on  the J1B questions) and otherwise as 1. All other 

values of J1A are coded as zero on the partner has the final say variables. We then add the 12 

variables together and divide by 12 to get an index ranging between 0 and 1. 
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Code B: 01 = Respondent  02=husband/partner 03=other female member 04=other male member 12=respondent 

and husband jointly 13=respondent and other female jointly 14=respondent and other male member 23=husband 

and other female jointly 24=husband and other male jointly 34=other male and female member 

Attitudes towards gender equality: 

The survey also includes questions on a wider set of attitudes toward gender equality. The 11 

statements are given below and we code them so that 1 is non-gender equal (e.g. 1 or 2 on 

statement 1 and 3 or 4 on statement 2). We will investigate whether employment affects these 

variables individually as well as together by creating an index where we add the dummies 

together and divide by 11.  
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Longer term effects and further heterogeneity 

We will also do the analysis separately for our different areas by splitting them into over and 

below median levels of acceptance and number of women working at baseline (in a similar vein 

to the analysis in Cools and Kotsadam 2016 and Heise and Kotsadam 2015). We will here also 

incorporate contextual information from the DHS surveys conducted within buffer zones of 50 

km from the factories.  

Data collection will probably proceed over time and we will then investigate the effects after 

12 and 18 months as well. The analysis at these later points will be similar albeit the first stages 

are likely to be weaker. In later iterations of the survey we are also planning on investigating 

reporting biases by means of so called list experiments as well as the correlation between 

reporting bias and employment.  
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Power analysis 

We want to ensure that our sample is large enough to detect quite small effects and we also 

want to assess the sensitivity of the project with respect to sample size and number of factories. 

We therefore calculate a set of minimal detectable effects (MDE). Such calculations hinge on 

the number of women surveyed and the amount of variance we can control for with the help of 

covariates.  

Figure 1 below shows the MDE for different values of the parameters of interest using the 

program Optimal Design. We expect to have between 1000-1700 women included in the study 

with around 50 percent assigned to treatment. The figure below shows that our largest MDE 

would be around 0.18 standard deviations. This scenario is for a total of 1000 women people in 

each site. If we further manage to include baseline controls to account for 40 percent of the total 

variance in IPV we would reach an MDE of 0.14. In the best case scenario with 1700 women 

and baseline controls to account for 40 percent of the total variance in IPV we would have an 

MDE of below 0.11 standard deviations.  

 

 

 

Figure 1: Power analysis calculated using Optimal Design. 
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We want the MDE to be as small as possible and an MDE in the range of 0.2-0.3 is usually 

considered to be small. As we will have a baseline survey with questions of previous experience 

with IPV we believe that we can account for a large share of the variation. Our most likely 

MDE is therefore expected to be below 0.2. Using a previously collected dataset from Ethiopia 

by the WHO that we have access to as an example, this corresponds to a 5.4 percentage points 

effect on the probability of IPV.  

Archive 

The pre-analysis plan is archived before any follow up data is received. We archive it at the 

registry for randomized controlled trials in economics held by The American Economic 

Association: https://www.socialscienceregistry.org/ on November 9 2017. We will receive the 

first follow up data for a limited sample on November 10. The baseline data collection is still 

ongoing so it is unclear when the first follow up data collection will be finished.  

  

https://www.socialscienceregistry.org/
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Appendix: Details on the protocol for data collection on IPV 

The first part of the protocol details a thorough training of enumerators, survey supervisors and 

research team in the protocol and its practical implications. This includes role-play of the 

interview setting using the actual IPV questionnaire to visualize the necessary actions to be 

taken in various scenarios and implications of encountering the specific challenges described 

in the protocol. Moreover, only female enumerators with documented experience in 

interviewing respondents about sensitive issues were hired for the project. The enumerators are 

supported in the field by well-qualified and trained supervisors with the responsibility of 

overseeing safety of enumerators and respondents. Debriefing also takes place on a regular 

basis to share experiences and to provide an outlet for emotional stress from recording the 

stories of violence and abuse. 

The second part consists of a procedure to be followed to ensure privacy of information during 

the interview – no one else than the respondent will be informed that parts of the survey includes 

IPV questions. The IPV module is part of a larger survey that enables the respondent to explain 

safely to others the purpose of the interview. Moreover, the IPV module will only be conducted 

at the end of the larger survey after an initial consent procedure explaining the sensitivity of the 

questions. Each respondent will be interviewed in a private setting without anyone else present. 

The enumerators are instructed both by training and in writing on the front cover of the 

questionnaire that they need to find a place, and if necessary – a new time, where they can be 

alone during the interview and to ensure complete privacy throughout the interview. Each 

enumerator needs to sign off before the interview that this has been achieved. If privacy cannot 

be maintained, the interview will not be conducted. In addition, only one woman in each 

household will be interviewed so that it will not be revealed to other household members that 

part of the interview could entail disclosure of IPV. 

The third part contains procedures for referral and information about available redress 

mechanisms. Studies of IPV in our settings are likely to encounter situations where respondents 

disclose criminal acts that has taken place and not been reported. The enumerators provide  the 

respondents with information about locally available resources for support. Usually, this would 

be confined to friends and family, and the Women, Children and Youth Affairs offices at the 

local level (woreda) which are staffed with legal officers that provide advice for women on 

rights related issues including domestic violence.  
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Fourth, we will detail a range of measures to protect the confidentiality of the women. No 

enumerators will conduct interviews in their own community. In addition, the anonymity and 

confidentiality of personal respondent information will be preserved in the data analysis by 

using identity codes instead of names and the data handling and storage will be secured.  

 

 


